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s obaial (u)u.c

Al Acrtificial intelligence

ANN Acrtificial neural network

BI Brittleness index

BPANN Backpropagation artificial neural
network

CALI Caliper log

CNL Compensate neutron log

CNN Convolutional neural network

DL Deep learning

DNN Deep neural network

DT Time Transit (Sonic Log)

ELM Extreme learning machine

ENN Elman neural network

FFANN Feedforward artificial neural
network

FL Fuzzy logic

GA Genetic algorithm

GR Gamma ray log

LSTM Long short-term memory networks

LL7 Latero Log 7

ML Machine learning technique

MLL Micro Latero Log

MLEM Multi extreme learning machine

MLP Multi-layer perceptron

MSE Mean square error
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NEUT Neutron porosity

PEF Photoelectric Log

R2 Coefficient of determination
RHOB Density log

RMSE Root mean square error
RNN Recurrent neutral network
RT Formation true resistivity
SVM Support vector machine
SVR Support vector regression
Vs Shear wave velocity

Vp Compressional wave velocity



